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int count = 0; for(int y=0;y<height;y++){
double xg = 0.0,yg=0.0; for(int x=0;x<width;x++){
double xd=0.0,yd=0.0,xyd=0.0; if(img_src[y*width+x]==255){
for(int y=0;y<height;y++){ X_d += (x-xg)*(x-xg);
for(int x=0;x<width;x++){ y_d += (y-yg)*(y-yg);
if(img_src[y*width+x]==255){ xy_d += (x-xg)*(y-yg);
count++; }
Xg +=X; }
yg +=Y; }
} double = 0.5 * atan2(2*xy_d,
} x_d-y d)/ M _PI *180.0;
}
/= count;

/: count; 70D7\5A(i25’??
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(OpenCVECERE

OpenCV (Open Source Computer Vision Library)
F—ToV—R . RIVFTIYNITA—LDZA4TF)
Windows,Linux,Mac,iOS,Android C,C++,Python,Java

[[E—AUrDEE — BED.AE

Moments m = moments(img_src,true) Ja4sgS A
double area = m.m0QO; 2517 _» 54T
double xg = m.m10 / m.mO0O0;
double yg = m.m01 / m.mOO;

double ang = 0.5*atan2(2.0*m.mull,m.mu20-m.mu02)*180.0 / M_PI;
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1998 LAV LN EHAAZ1—FILRYET—0
(Convolutional Neural Networks) T3 F 28k

C3:f. maps 16@10x10
C1: feature maps S4: f. maps 16@5x5

INPUT 6@28x28
C5:1
2o - Fotaver QUTPUT (1908 |eNet)

32x32 S2: f. maps

6@14x14

Full conrection | Gaussian connections
Subsarppling Convolutions  Subsampling Full connection

Conwlutions

Convolutions Subsampling
BTG EEE  SEPhziiy
BHIAHE T B

Y.Lecun,et al.”Gradient-based Learning Appplied to Document Recognition”,Proc. of The IEEE,1998




TA4—T5—=7

rHAHIAAFZ21—TF )Ly T —72 (Convolutional
Neural Networks)

CIREEE

- BlRE =1 —3 )Lyt —% (Recurrent Neural
Networks)
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Berkeley Vision and Learning Center Hh'&
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ERTEIT7AILDVERTENME
- EMRFREZ5E L

DA DFEEFHETIL
MMEZ S
SEICIELHFHMMNZ

http://caffe.berkeleyvision.org/
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*You Only Look Once (YOLO)
KEOKFENBEFE B
- PHIEFR HH SRR
&) (23R4T
*GPUZfE Z (X ENE
X it
- H 2 PEEE R

75\%‘%_ R-CNN — FastR-CNN — Faster R-CNN —
https://pjreddie.com/darknet/yolo/ YOLO — SSD




KYBRBELZY—I

REDIVEHRTA—T5—=2% Y JRVIiDi
BERERARRDEBZTRAET ST

HREZRIRT S5=H
SRZRIIIVEIRXNTEHHERDVIIHHTLS
;g el

https://www.youtube.com/watch?v=L5BAffy3jek
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https://cloudplatform-jp.googleblog.com/2016/08/tensorflow 5.html
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